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Proposal of convergence or non-convergence prediction method of steady-state CFD

For the safe desighner’s CAE
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Abstract
Always, CAE (especially CFD) is difficult for designer because of the validity of the result. To help
designer, this paper introduces an artificial neural network model to predict the convergence of the non-
convergence of the CFD model. Input of the model is a residual history of OpenFOAM'’s tutorial cases,
especially incompressible steady-state cases is used. At the end, future tasks are stated.
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Fig. 1 Overview of the proposed method
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Table 1 Results of DNN and NN

DNN NN
FRI—A HRAES — 2 ¥H Y — X AL — 2
FE 0.8725 0.85 0.90 0.81
184 B 0.324 0.350 0.233 0.394
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